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Chronic Absenteeism in Washington's K-12 Schools: School-Level
Factors and What Works to Reduce Absenteeism

A student in the K-12 education system is
considered chronically absent when they
miss 10% or more of a school year. While
absenteeism rates in Washington have
slightly decreased in the last few years, they
have not returned to pre-pandemic levels.
This is important because chronic
absenteeism is associated with poor
academic and non-academic outcomes for
students across all grades.

In WSIPP's initial 2025 report on
absenteeism, we identified and described the
interventions and strategies Washington
schools currently use to reduce absenteeism.
In this report, we use Washington
administrative data to examine how school-
level characteristics like enrollment, student
composition, and mental health factors relate
to chronic absenteeism rates in schools. In
addition, we conduct an evidence review to
determine the effectiveness of attendance
interventions.

Section | summarizes the aim of this report
and provides background information on
chronic absenteeism in Washington. Next,
Section Il describes our methodology for
conducting the school-level analysis, and
Section Ill provides school-level analysis
results. Section IV describes our
methodology for examining intervention
effectiveness, and Section V summarizes the
evidence for the effectiveness of
interventions. Section VI offers a discussion
of key findings.

Summary

In Washington, schools use a variety of
interventions to combat chronic absenteeism. In
this report, we examine what school-level factors
are associated with chronic absenteeism. We also
conduct an evidence review to determine the
effectiveness of these and similar interventions.

We find that schools with a higher proportion of
students who are low-income, have a disability,
and/or are homeless, and schools with a higher
discipline rate have higher absenteeism rates.
Further, in middle schools, increased use of social
media and increased perceptions of bullying are
associated with higher absenteeism rates. The
social media result is present but weaker in high
schools.

Parent communication strategies, home visits, and
early warning systems can increase attendance
and reduce chronic absenteeism. Interventions
like School-Wide Positive Behavioral Interventions
and Supports and school-based mentoring may
not impact attendance but can positively affect
test scores and disciplinary actions.

These results can help decision makers anticipate
which risk factors may be associated with chronic
absenteeism in schools and implement evidence-
based interventions accordingly.

Suggested Citation: Cramer, J., Hardenbergh, L., & Grob, H.
(2026). Chronic absenteeism in Washington's K-12 schools:
School-level factors and what works to reduce absenteeism.
(Document Number 26-08-2201). Olympia: Washington State
Institute for Public Policy.




l. Background

This report is the second in a two-part study
on chronic absenteeism in Washington. The
project is funded through WSIPP's ongoing
budget appropriation to conduct research
on K-12 education topics that are relevant
to policymakers in the state." Based on
research and conversations with
stakeholders, including nonpartisan
legislative staff, we identified chronic
absenteeism as a priority topic. Specifically,
we learned that legislators are interested in
understanding which interventions
effectively reduce absenteeism in schools.

Chronic absenteeism refers to a K-12
student missing 10% or more of a school
year (at least 18 days).? It includes excused
and unexcused absences, and disciplinary
absences (suspensions/expulsions). Missing
school for any reason is associated with
lower academic, behavioral, and mental
health outcomes.

Research shows that reasons for absences
are complicated and involve interconnected
factors, often outside of a student’s control.
The most common reasons students miss
school are due to physical illness or mental
health.*

T Engrossed Substitute Senate Bill 6386, Chapter 372, Laws of
2006.

2 OSPI, What is Chronic Absenteeism? and U.S. Department
of Education, Supporting Student Attendance and
Engagement.

3 We describe research findings on the impact of attendance
on academic and other outcomes in more detail in our first
report: Cramer, J. (2025). Chronic absenteeism in
Washington's K=12 schools: What schools are doing to reduce
absenteeism (Doc. No. 25-07-2201). Olympia: Washington
State Institute for Public Policy.

4 EdChoice. (2024). Teens and their school perspectives: a
national polling report; OSPI, University of Washington
(2022). WA Covid-19 Student Survey, 2022. State Report; Liu,
J., & Lee, M. (2022). Beyond chronic absenteeism: The
dynamics and disparities of class absences in secondary

Other commonly reported reasons are fear
of being bullied, unsafe or unwelcoming
school environments, and disconnection
from friends and school staff.

Absenteeism in Washington

Prior to the COVID-19 pandemic, chronic
absenteeism rates both in Washington and
nationally were about 15%.” Since the
pandemic, rates have increased across all
grades, student groups, and geographic
regions in Washington. Although rates have
declined slightly, they have not returned to
pre-pandemic levels and remain higher than
the national average. In the 2025 school
year, 27% of students in Washington were
chronically absent, compared to 22%
nationally.®

Washington'’s Office of Superintendent of
Public Instruction (OSPI) has implemented
statewide initiatives in recent years focusing
on chronic absenteeism and truancy. In July
2025, WSIPP published our first report on
chronic absenteeism, in which we described
what public schools in Washington are
doing to reduce absenteeism.’

school. EdWorkingPaper No. 22-562. Annenberg Institute for
School Reform at Brown University; Brundage, A., Castillo, J.,
& Batsche, G. (2017). Reasons for chronic absenteeism among
Florida secondary students. Tampa, FL: Problem Solving and
Response Intervention Project; and OSPI, PSESD. (2024).
ESSER attendance & reengagement project evaluation interim
report.

> OSPI, Washington State Report Card; Return to Learn
Tracker, Chronic Absenteeism: 2017-2024.

6 OSPI, Washington State Report Card;

Diliberti, M., Chu, L., Rainey, L, DiNicola, S., Lake, R, &
Schwartz, (2025). Chronic absenteeism still a struggle in 2024-
2025. RAND.

Chronic Absenteeism Still a Struggle in 2024-2025. RAND.

7 Cramer (2025).
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In that report, we identified the following
strategies:

1) Data collection and analysis to reveal
attendance trends in schools,
identify chronically absent students,
and inform interventions;

2) Attendance teams made up of
teachers and administrators who
focus on attendance strategies;

3) Communication strategies like using
positive language with students,
informing parents about absences,
and organizing schoolwide
attendance campaigns;

4) Relationship-building interventions
so students feel welcome and
therefore motivated to attend
school; and

5) Competitions and incentives to
encourage good attendance habits.

This second report picks up where the first
one left off, addressing school-level factors
associated with absenteeism and examining
the evidence on intervention effectiveness.
We first conduct analyses to determine what
school-level factors are associated with
chronic absenteeism. Then, using the
interventions we learned about in our first
report as a guide, we conduct literature
reviews, meta-analyses, and benefit-cost
analyses to determine if these activities
reduce student absenteeism and whether
the benefits of the programs outweigh
program costs.

Our school-level analysis results can help
decision makers learn about which school
and community risk factors may be
associated with higher absenteeism rates.
Our intervention results may help
individuals decide which programs are
effective and should be implemented.

This report answers the following questions:

I.  What school-level factors are
associated with chronic
absenteeism?

[l.  What does the existing research say
about the effectiveness of
attendance interventions that
schools in Washington currently use?

[ll. Do the benefits of these
interventions outweigh their costs?



ll. School-Level Analysis
Methodology

In this section, we examine school-level
factors of chronic absenteeism, which
provide insight into the types of risk factors
associated with absenteeism. We answer the
following research question:

I.  What school-level factors are
associated with chronic absenteeism?

Prior research on absenteeism has largely
been centered on student-level
characteristics, but the body of work on
school-level factors is limited. Information
on school-level factors for absenteeism can
be useful to education leaders making
decisions about resource allocation. It can
reveal differences between elementary,
middle, and high schools, and can help
identify what risk factors may be associated
with higher absenteeism rates.

Data Sources

We utilized data from several sources for
the school-level analysis. From OSPI, we
obtained student demographics and
characteristics (e.g., race and ethnicity, low-
income, chronic absenteeism) for all K-12
students in Washington. As discussed
earlier, OSPI counts students who miss 10%
or more of school days in an academic year
as chronically absent.

We used several school-level variables from
the National Center for Education Statistics
(NCES), including school location and
student-teacher ratio.

8 The HYS was administered in the 2023-24 school year; the
next time it was administered was during the 2025-26 school
year, which was ongoing at the time of data analysis and

We also obtained zip-code-level census
data for each school's community, including
unemployment rate, median income, and
education level.

Finally, we included student survey data
from the Healthy Youth Survey (HYS),
provided by the Washington State
Department of Health. The HYS is a biennial
survey administered to 6, 8", and 10"-12™
graders, and asks students about their
physical and mental health, substance use,
school climate, community involvement, and
more. The survey for high school students is
longer and includes more topics than the
survey for middle school students.

We used data from the 2023-2024 school
year, as it was the most recent year available
across all datasets.® We merged data across
sources and collapsed information into
school averages. For example, our final
dataset contains information on the
proportion of students who are female, low-
income, or chronically absent at each
school. A complete list of variables in our
dataset and the data source for each is
available in Exhibit A2.

We excluded select school types and
schools that were missing key information.
Details are available in Appendix I.

report writing. We therefore use 2023-24 data as the most
recent year available across all data sources.



Correlational Analysis

We conducted correlational analyses to
examine the strength of associations
between each variable of interest in our
dataset and chronic absenteeism.
Correlation coefficients range from -1 to 1;
larger absolute values indicate stronger
relationships. A positive correlation
coefficient means higher levels of a variable
are correlated with higher levels of chronic
absenteeism, while a negative coefficient
indicates that higher levels of a variable are
correlated with lower levels of chronic
absenteeism.

Correlations were run separately for
elementary, middle, and high schools. For
each school type, we report variables with
correlation coefficients with an absolute
value of at least 0.25.

We ran two versions of the correlational
analysis. First, we examined all variables
except HYS variables. We included the same
variables across elementary, middle, and
high schools to allow for direct
comparability across school levels.

Second, we looked at HYS variables for
middle and high schools (elementary school
students do not receive the HYS). This
allows us to explore how student-reported
behaviors and perspectives relate to chronic
absenteeism.

Regression Models

To further explore the relationship between
variables of interest and chronic
absenteeism, we ran multivariate linear
regression models with robust standard
errors. Again, we ran regressions separately
for elementary, middle, and high schools.

Results from regression models capture
different information than results from
correlational analyses. Regression models
show the association between a given
variable and the proportion of chronically
absent students, holding all other variables
in the model constant. Regression models
provide additional context for variables that
remain associated when accounting for
other characteristics. Importantly, variables
may be correlated with chronic absenteeism
but are not necessarily associated with
chronic absenteeism in a statistically
significant way, especially after controlling
for other variables. A multivariate regression
can help to reveal those patterns.

We included a subset of variables in our
regression models. When several variables
that are closely related to each other are
included in the same model, it can lead to
less reliable estimates. We therefore
excluded several variables that were similar
to others in the model.

We ran a primary model excluding HYS
variables, and another model with HYS
variables and several control variables. For
the primary model, we included the same
variables across elementary, middle, and
high schools to allow for comparability
across school levels. For more information
on variable inclusion decisions and
alternative models, see Appendix .

Limitations

These analyses are exploratory in nature.
Neither approach allows us to draw
conclusions about the causes of chronic
absenteeism, and results should not be
interpreted as causal. However, we identify
patterns of association and explore the
context surrounding chronic absenteeism.



lll. School-Level Analysis Results

We start by describing the landscape of
students and schools in Washington in
2023-24, based on the key variables in our
analyses. We then describe results from our
correlational analysis and from multivariate
regression models.

Descriptive Statistics

Descriptive statistics are presented in Exhibit
A2. To summarize, a little more than half of
Washington students are White, about one-
quarter are Hispanic/Latino, and less than
10% each are multiracial, Asian, Black,
American Indian or Alaska Native (Al/AN),
and Native Hawaiian or Pacific Islander
(NH/PI). Just over half are low-income,
meaning they qualify for free or reduced-
price lunch (FRPL).

Among all schools, the average rate of
chronic absenteeism in 2023-24 was 26%.°
Chronic absenteeism rates increase with
school level, from elementary to middle to
high school. The 2023-24 rate was about
13% lower than the 2022-23 rate on average
among all schools, but in middle and high
schools, chronic absenteeism only
decreased about 6%-7%.

The rate of students with foundational
grade-level knowledge varies by school
type. Almost 70% of students met a
foundational knowledge of English
language arts (ELA), and this remained
consistent across school levels.

° There is variation across schools; the interquartile range
(IQR) is 17-34%. The distribution of chronic absenteeism
rates is shown in Exhibit A1.

On the other hand, foundational knowledge
of math declines by grade level. About 66%
of elementary school students, 54% of
middle schoolers, and 44% of high
schoolers have a foundational knowledge of
math.

The total number of students per school
increases from elementary to high school, as
does the pupil-teacher ratio and average
years of teacher experience. The proportion
of female teachers decreases from
elementary (81%) to middle (65%) to high
school (56%).

Examining results from the Healthy Youth
Survey, on average, 36% of high school
students reported generalized anxiety
disorder and 35% reported depression in
the past year. Almost half of high schoolers
had problematic internet use, and 72% had
three or more hours of screen time daily.
The proportion of students using social
media daily increased, on average, from
middle school (53%) to high school (76%).
Students reported higher rates of being
bullied in middle school (31%) than in high
school (19%). Among middle and high
schoolers, about 80% reported feeling safe
during school; inversely, almost one in five
students reported not feeling safe during
school.



Chronic Absenteeism Correlates

School, Student, Teacher, and
Neighborhood Correlates

In this section, we present correlations
between specific covariates and chronic
absenteeism. A positive correlation indicates
that higher levels of the factor are
associated with increased chronic
absenteeism. We call these “risk factors”
since they are associated with additional
absenteeism. Similarly, a negative
correlation indicates that higher levels of
this factor are associated with lower rates of
chronic absenteeism. We call these
“protective factors.”

10 Exhibit A2 shows the complete list of variables included in
this analysis. Exhibits 1-3 use all variables except HYS
variables, while Exhibits 4-5 use only HYS variables.

Exhibits 1-3 show the school-level variables
with a correlation with chronic absenteeism
of at least 0.25 (in absolute value) in the
2023-24 school year, for elementary, middle,
and high schools.' Purple bars represent
factors that are associated with increased
chronic absenteeism (i.e., risk factors), while
green bars represent those associated with
decreased chronic absenteeism (i.e.,
protective factors).

For example, the positive correlation
between the proportion of students who are
low-income and chronic absenteeism means
that we would expect a school with a high
proportion of low-income students to have
a higher chronic absenteeism rate (risk
factor). Similarly, the negative correlation
between the proportion of students with
foundational ELA knowledge and chronic
absenteeism means that we would expect a
school with a high proportion of students
with foundational ELA knowledge to have a
lower chronic absenteeism rate (protective
factor). In this first analysis, we used the
same set of variables across all school levels,
for comparability. We present correlation
coefficients for all variables in Exhibit A3.



Exhibit 1

Elementary School Chronic Absenteeism Correlates, 2023-24

Chronic absenteeism 2022-23
Student % low income
Student % homeless
Discipline rate

% foundational ELA knowledge
Student 9% NHPI

Zip code % with bachelors

% students with disabilities
Zip code median income
Student % White

Student % AIAN

% foundational math knowledge

-0.5

Note:

Al/AN: American Indian/Alaska Native.
NH/PI: Native Hawaiian/Pacific Islander.

0.0 0.5 1.0
Correlation coefficients

Exhibit 2

Middle School Chronic Absenteeism Correlates, 2023-24

Chronic absenteeism 2022-23

Discipline rate

Student % low income

Teacher % male

% students with disabilities

Student % White

Student % AIAN

Student % homeless

Note:

Al/AN: American Indian/Alaska Native.

-0.5

0.0 0.5 1.0
Correlation coefficients



Exhibit 3
High School Chronic Absenteeism Correlates, 2023-24

Chronic absenteeism 2022-23

Discipline rate

Student % low income

Student % homeless

% students with disabilities

Student % White

-0.5 0.0 0.5 1.0
Correlation coefficients

Similarities Across School Levels. Across all
school levels, the prior year chronic
absenteeism rate is by far the strongest
correlate of next-year absenteeism, with
correlation coefficient values between 0.86
and 0.90. This result is consistent with other
research'” and is an indication that chronic
absenteeism is persistent and does not
fluctuate largely year to year. This may be
useful for resource allocation; if districts
want to target schools with high chronic
absenteeism, data from the prior year can
be used to identify schools. It's important to
note that we did not analyze individual
student data, and our findings should be
understood at the school level.

" Malkus, N., & Hollon, S. (2025). Need not be a surprise—
Early-warning systems for chronic absenteeism. American
Enterprise Institute.

However, prior research suggests a similar
relationship at the student level: students’
prior chronic absenteeism predicts future
attendance patterns. This may be useful if
school staff want to identify specific
students to support.’

Several other variables appear above the
threshold of 0.25 across school levels: the
proportion of students who are low-income
or homeless, or who have a disability, and
the school discipline rate are all positively
correlated with chronic absenteeism (risk
factors). The proportion of White students
is negatively correlated. These findings
demonstrate that there are consistencies
across grade levels.

12 Smerillo, N.E., Reynolds, A.J., Temple, J.A, & Ou, S.R. (2018).
Chronic absence, eighth-grade achievement, and high school
attainment in the Chicago Longitudinal Study. Journal of
School Psychology, 67, 163-178.


https://pmc.ncbi.nlm.nih.gov/articles/PMC6047866/pdf/nihms922556.pdf
https://pmc.ncbi.nlm.nih.gov/articles/PMC6047866/pdf/nihms922556.pdf

They also highlight that chronic
absenteeism is not an isolated challenge
faced by schools; it is related to societal and
complex challenges like poverty,
homelessness, and disability.

Differences Across School Levels. There are
also differences across school levels. For
elementary schools, the proportion of
adults with a bachelor’s degree and the
median income within a school’s
community (indicated by zip code) are
correlated with lower chronic absenteeism
rates. This result is not seen in middle or
high schools. A possible explanation is that
neighborhood context is more influential for
elementary school students.

In elementary schools, we also see a
negative correlation between the
proportion of students who meet
foundational knowledge of English
language arts (ELA) and math with chronic
absenteeism. The relationship between
attendance and meeting academic
standards may be stronger in elementary
school than in higher grades.

10

Finally, with higher grade levels, we see
fewer correlates with an absolute value of
0.25. This may indicate that reasons for
chronic absenteeism are more diverse in
higher grades, and not as strongly linked to
specific risk and protective factors.

HYS Correlates

As previously stated, we also examined the
correlation between chronic absenteeism
and HYS variables to understand how
student behaviors, perspectives, and mental
health relate to chronic absenteeism.

Exhibits 4 and 5 represent the HYS variables
with correlations of at least 0.25 with
chronic absenteeism. We did not conduct
this analysis for elementary schools because
students do not participate in the HYS until
6™ grade. Middle school students are asked
a smaller subset of the questions that high
school students are asked.



Exhibit 4
Middle School HYS Chronic Absenteeism Correlates, 2023-24

Daily social media use

Feel safe during school
Hopefulness scale

Sources of adult help
Suicidal ideation or attempt
Bullied in past month

Low school commitment

At academic risk

Brought weapon to school

Any ACEs

At academic risk

Daily social media use

-0.5 0.0 0.5 1.0
Correlation coefficients
Exhibit 5
High School HYS Chronic Absenteeism Correlates, 2023-24
I
I
I
I
-6.5 ofo 0?5 1.|0

Correlation coefficients

Note:
ACE: Adverse childhood experience.



Despite there being fewer HYS variables
available for middle schools, we see more
variables with correlations of at least 0.25
with chronic absenteeism. Similar to above,
this may support that the reasons for
chronic absenteeism in high school are
more diverse and less connected to specific
risk or protective factors.

The middle school HYS correlates tend to
reflect student perspectives or experiences.
Feeling safe during school, hopefulness,
and having sources of adult help are
protective factors, while daily social media
use, suicidal ideation or attempt, being
bullied, low school commitment, and
being at academic risk are risk factors. This
indicates that chronic absence in middle
schools may be influenced by students’
positive or negative experiences in school.

The strongest high school HYS correlate is
the proportion of students who have had an
adverse childhood experience (ACE), a
variable that was not available for middle
schools. This shows that factors outside of
school are important to understanding
absenteeism as well.

We also see a positive correlation between
the proportion of students who use social
media daily and chronic absenteeism,
which is especially strong in middle schools.
Reasons for this may be varied, but they
may inform how school leaders think about
cellphone policies or the promotion of
healthy online behaviors.

3 We bold results that have a p-value less than or equal to
0.05. The p-value indicates whether the estimated effect is
statistically significantly different from zero or not.

We have identified notable patterns in
chronic absenteeism correlates and offered
possible explanations for several of these
patterns. However, correlations do not
reveal causes of chronic absenteeism. It is
possible that patterns in the 2023-24 data
would not appear or repeat in future years.

Multivariate Regression Models

We ran multivariate ordinary least squares
(OLS) regression models to investigate
further the relationship between the
proportion of chronically absent students
and these same school-level variables
discussed in the correlational analysis.
Regression analyses identify which
associations persist after controlling for
relevant student, school, teacher, and
regional characteristics. Models were run
separately for elementary, middle, and high
schools.

Student, Teacher, and School Regression Model
Exhibit 6 shows results from our primary
regression model with student, teacher, and
school characteristic variables. We have

bolded coefficients that are statistically
significant and non-zero.” These

coefficients represent the relationship

between a variable and the school rate of
chronic absenteeism, holding all other

factors constant.

Coefficient results and p-values are both important for
interpreting the importance of a variable’s association with
chronic absenteeism.



Exhibit 6
Regression Models Estimating School Proportions of Chronically Absent Students

Elementary

N=1,212
Variable SE

Student averages

Female 0.02 0.09 0.79 -0.16 0.13 0.22 0.12 0.15 0.44
English language 0.01 0.03 0.67 0.04 0.06 0.50 0.12 0.10 0.25
learners

Highly capable -0.01 0.02 0.69 -0.05 0.05 0.30 -0.14 0.10 0.16
Homeless 0.49 0.17 0.003 0.22 0.17 0.20 0.54 0.21 0.01
Low-income 0.18 0.02 <0.001 0.15 0.04 <0.001 0.13 0.05 0.007
Have military -0.07 0.02 <0.001 0.08 0.08 0.31 0.01 0.13 0.93
parents

Disabled 0.28 0.06 <0.001 0.44 0.11 <0.001 0.52 0.14 <0.001
Have foundational 0.01 0.03 0.80 0.08 0.04 0.06 0.15 0.05 0.005

ELA knowledge
Teacher averages
Years of experience -0.00 0.00 0.004 -0.00 0.00  <0.001 0.00 0.00 0.79

Master's degree 0.02 0.03 0.56 0.01 0.05 0.82 -0.15 0.07 0.02
Al/AN* 0.30 0.18 0.10 0.53 0.16 0.001 0.39 0.23 0.09
Asian* 0.06 0.07 042 0.04 0.13 0.77 0.46 0.26 0.08
Black* 0.06 0.12 0.63 0.07 0.15 0.65 -0.04 0.22 0.86
Hispanic/Latino* -0.08 0.05 0.15 0.10 0.10 0.32 0.21 0.13 0.11
NH/PI* 0.42 0.21 0.05 0.67 0.39 0.09 0.87 0.95 0.36
White* 0.03 0.05 0.55 0.17 0.06 0.005 0.19 0.07 0.01
Female -0.00 0.03 0.99 -0.17 0.05 <0.001 -0.15 0.07 0.02
School characteristics
Discipline rate 0.99 0.18  <0.001 0.81 0.11 <0.001 1.76 024  <0.001
Total students 0.00 0.00 0.14 0.00 0.00 0.51 0.00 0.00 0.06
Student-teacher -0.00 0.00 0.05 -0.00 0.00 0.17 -0.00 0.00 0.05
ratio
Per-student 0.00 0.00 0.53 0.00 0.00 0.57 0.00 0.00 0.003
expenditure**
Zip code 0.00 0.00 0.005 0.00 0.00 0.91 0.00 0.00 0.64

unemployment rate
Rural or town setting  -0.01 0.00 0.03 -0.01 0.01 0.23 -0.04 0.02 0.02

Notes:

Coefficients (B) are bolded if they are statistically significant at the p<0.05 level and non-zero.

ELA: English Language Arts.

Al/AN: American Indian/Alaska Native.

NH/PI: Native Hawaiian/Pacific Islander.

*The proportion of multiracial teachers in the reference category for teacher race variables.

**Per-student expenditure data is from 2021-22.

"Highly capable” students are identified by the district and offered instruction and activities to accelerate learning.
"Have foundational ELA knowledge” indicates meeting at least level 2 on a 1-4 proficiency scale.
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Similarities Across School Levels. Looking at
student averages, the proportion of
students who are low-income is associated
with chronic absenteeism across all three
school levels, holding all other variables in
the model constant. For the sake of
interpretation, a 10% increase in the
proportion of students who are low-income
in a school is associated with increases in
chronic absenteeism rates between 1.3-
1.8%, with slightly smaller associations in
higher grade levels. The proportion of
students with a disability and the
proportion of students who are homeless
are also associated with chronic
absenteeism; a 10% increase in either is
associated with increases in chronic
absenteeism between 2%-6%, depending
on school level (although the coefficient on
homelessness is not statistically significant
at the middle school level). The estimated
association of the proportion of students
with a disability is higher as grade level
increases.

The school-level discipline rate is also
significantly associated with chronic
absenteeism. The association is strong
across all school types, and particularly at
the high school level. For elementary and
middle schools, a 10% increase in the
discipline rate is associated with an 8%-10%
increase in the rate of chronic absenteeism.
Among high schools, we estimate a 17.6%
increase. Understandably, the discipline rate
is associated with higher absenteeism, as
discipline practices often involve
suspensions or expulsions. Schools
prioritizing attendance may want to
consider alternative forms of discipline.

14

The proportions of students who are low-
income, have a disability, or are homeless,
along with a school’s discipline rate, are the
factors with the strongest evidence
supporting their relationship with chronic
absenteeism. Each of these variables was
above the 0.25 threshold in the correlates
analysis as well. The results from our
multivariate regression models further
support the relationship between each of
these characteristics and chronic
absenteeism.

Additionally, schools located in towns or
rural settings were associated with slightly
lower rates of chronic absence compared to
schools in cities and suburbs.

Differences Across School Levels. There are
several other variables with statistically
significant and notable results across some,
but not all, school levels. Holding other
variables constant, the proportion of
White teachers at a school is positively
associated with chronic absenteeism in
middle and high schools, while the
proportion of female teachers is
negatively associated. Proportions of
teachers who are American Indian or
Alaska Native (Al/AN) and Native
Hawaiian or Pacific Islander (NH/PI) are
also associated with higher chronic
absenteeism, although the fact that there is
a small baseline proportion makes estimates
less reliable.

The proportion of students meeting
foundational ELA knowledge is positively
associated with chronic absenteeism in high
schools, which is counterintuitive. This did
not arise in the correlates analysis, and we
do not have an explanation for this result.



Finally, there is a negative association
between the proportion of teachers with a
master’s degree and chronic absenteeism
in high school, but not in elementary or
middle school.

HYS Regression Model

We ran a separate model with variables
from the HYS, along with several
demographic controls. We did not include
HYS variables in the primary model because
there was overlap between HYS
demographic variables. Middle school
students receive only a subset of the HYS
questions that high school students receive,
so more HYS variables were included in the
high school model. Exhibit 7 shows these
results. Again, we have bolded coefficients
that are statistically significant and non-
zero.

At the middle school level, the proportion of
students who reported using social media
daily and who reported being bullied in the
past month were both positively associated
with chronic absenteeism. Both were higher
correlates of chronic absenteeism in the
correlates analysis, and these results further
support their association with chronic
absenteeism when controlling for other
covariates. Other high correlates, such as
feeling safe during school, having sources of
adult help, and the hopefulness scale, were
not statistically significant.
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Among high schoolers, the proportions of
students with an asthma diagnosis, who use
social media daily, and who were bullied in
the past month, were positively associated
with chronic absenteeism; however, no HYS
variables reached statistical significance.

It should be noted that not all middle and
high schools had HYS responses available.
The sample size for models with HYS
variables was about 70% of the sample size
of the model excluding HYS variables
(middle school N = 405, high school N =
351). Smaller sample sizes make estimates
less reliable, and results may not represent
all Washington schools.



Exhibit 7
Regressions with HYS Variables and Proportion of Chronically Absent Students

Variable

School controls

Low-income 0.05 0.03 0.15 0.21 0.05 <0.001
Disabled 0.39 0.11 <0.001  0.57 0.18 0.002
Homeless 0.15 0.16 0.33 0.78 020  <0.001
Have foundational ELA knowledge -0.20 0.06  <0.001 -0.05 0.09 0.55
Total students 0.00 0.00 0.03 0.00 0.00 0.01
HYS variables

Asthma diagnosis -0.00 0.09 0.97 0.14 0.16 0.37
Sources of adult help 0.07 0.11 0.51 0.11 0.14 044
Feel safe during school -0.11 0.10 0.28 0.08 0.15 0.61
Risk of academic failure -0.01 0.06 0.84 -0.04 0.12 0.77
Children’s hope scale 0.03 0.09 0.77 -0.04 0.19 0.83
Daily social media use 0.21 0.05 <0.001 0.17 0.10 0.08
Bullied in past month 0.24 0.08 0.002 0.15 0.15 0.33
Adults support in community -- -- -- 0.09 0.10 0.40
Sports, clubs, and activities available -- -- -- 0.01 0.06 0.85
Doctor visit in past year -- -- -- 0.06 0.10 0.56
Depression in past year -- -- -- 0.12 0.15 0.42
Problematic internet usage -- -- -- 0.02 0.08 0.79
Suicide prevention school resources -- -- -- -0.07 0.05 0.18
Adults prevent bullying -- -- -- 0.02 0.10 0.88
Knowledge of bullying reporting -- -- -- -0.12 0.10 0.25
Gangs at school -- -- -- 0.09 0.09 0.33
Absences due to unsafe travel to school -- -- -- -0.08 0.15 0.59
Notes:

Healthy Youth Survey variables provided by the Washington State Department of Health.
Coefficients (B) are bolded if they are statistically significant at the p<0.05 level and non-zero.
"Have foundational ELA knowledge” indicates meeting at least level 2 on a 1-4 proficiency scale.
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IV. Methodology for Examining
Intervention Effectiveness

We used WSIPP's standard literature review, We identified nine interventions in the
meta-analysis, and benefit-cost approaches research literature that align closely with
to answer the next two research questions: one or more strategies currently used in

Washington schools. These are identified in
Exhibit 8. The left column shows the five
strategies we learned schools use in
Washington to reduce absenteeism. The
right column shows how the nine
interventions examined in this report map
to those strategies. Some interventions align
with more than one strategy.

I.  What does existing research indicate
about the effectiveness of
attendance interventions that
schools in Washington currently use?

ll. Do the benefits of these
interventions outweigh their costs?

Results from these analyses can help
individuals determine which interventions
are most effective to reduce absenteeism.

Exhibit 8
How Interventions Examined in this Report
Align with Strategies in WA

Strategies schools

Identifying Interventions

Aligned interventions

use in WA

We begin by identifying the interventions = Early warning systems

and activities that schools in Washington (EWS)

are currently using. In addition to the five Data use practices - School-wide Positive
categories identified in our first report, we Behavioral Interventions
also used the following resources to identify and Supports (SWPBIS)

. . - Attendance plans
topics and ensure that we were not missing -~ EWS
relevant interventions: - Multi-tiered system of

supports (MTSS)

Attendance teams

e OSPI's attendance, chronic

. . - SWPBIS
absenteeism, and truancy website.™
) - Attendance campaigns
e Recent reviews and meta-analyses Communication - Home visiting
on interventions and their effects on strategies - Parent communication
attendance or truancy.” strategies
. . . , Relationship-building | -  Home visiting
e The Institute of Education Sciences . ,
) T strategies - School-based mentoring
What Works Clearinghouse. Competitions and - Attendance campaigns
o Attendance Works' website incentives - Incentives
resources on evidence-based
solutions."”
4 OSPI website. Attendance, Chronic Absenteeism, and impact of interventions to prevent truancy: A review of the
Truancy. research literature. Studies in Educational Evaluation, 65;
5 Eklund, K., Burns, MK, Oyen, K., & de Marchena, S. (2022). Singer, J. (2025). Attendance practices in high-absenteeism
Addressing chronic absenteeism in schools: A meta-analysis districts. Educational Policy, 39(6), 1209-1240.
of evidence-based interventions. School Psychology 16 |ES. What Works Clearinghouse.
Review, 51(1), 95-111.; Keppens, G., & Spruyt, B. (2020). The 7 Attendance Works website. Evidence based solutions
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https://ospi.k12.wa.us/student-success/support-programs/attendance-chronic-absenteeism-and-truancy
https://ospi.k12.wa.us/student-success/support-programs/attendance-chronic-absenteeism-and-truancy
https://www.tandfonline.com/doi/abs/10.1080/2372966X.2020.1789436
https://www.tandfonline.com/doi/abs/10.1080/2372966X.2020.1789436
https://www.sciencedirect.com/science/article/abs/pii/S0191491X19303979
https://www.sciencedirect.com/science/article/abs/pii/S0191491X19303979
https://www.sciencedirect.com/science/article/abs/pii/S0191491X19303979
https://files.eric.ed.gov/fulltext/ED672503.pdf
https://files.eric.ed.gov/fulltext/ED672503.pdf
https://ies.ed.gov/ncee/wwc/
https://www.attendanceworks.org/research/evidence-based-solutions/page/2/

Literature Reviews and Meta-Analyses

We next conducted systematic literature
reviews to find all relevant studies
evaluating these interventions. We gathered
research literature and screened studies to
include only rigorous studies that tried to
estimate a causal impact on student
outcomes. For example, we only included
studies with treatment and comparison
groups and studies where authors used
statistical techniques to control for student
or school factors that may bias results.
Further information on our search and
screening approach can be found in
Appendix II.

Next, we extracted information from studies
that met quality standards. Finally, we
conducted meta-analyses, a statistical
approach that allows us to combine the
effects reported in individual studies to
estimate a program'’s average effect on
student outcomes like attendance or
absences.

For more information on WSIPP's standard
approach to literature review and meta-
analysis, see section 2.2 of our technical
documentation.'®

Limitations

There are several limitations of our literature
review and meta-analysis approach. For one,
we did not include a comprehensive list of
interventions that could improve
attendance. We focused specifically on
interventions that closely align with
Washington school practices, determined by
our first report.

8 Washington State Institute for Public Policy (2024). Benefit-
Cost technical documentation.
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Further, while we take steps to ensure our
literature review is comprehensive, it is possible
we missed relevant studies. Finally, the results of
a meta-analysis reflect the average impact a
program has on student outcomes. We cannot
report on the impact programs have on certain
student populations or impacts based on
program fidelity.

Benefit-Cost Analyses

We use WSIPP's Benefit-Cost model (we call this
"WSIPP’'s model” or “the model” hereafter) to
predict the per-participant benefits and costs
associated with each program. WSIPP’s model
uses the average effect calculated from a meta-
analysis to estimate the benefits to society of
the intervention. Specifically, it converts those
estimated changes in outcomes (e.g.,
attendance, test scores, high school graduation)
into monetary benefits (e.g., future earnings). It
then compares these benefits to the cost of the
program.

As with our meta-analyses, the benefit and cost
estimates reflect the difference between an
individual who receives the intervention and an
individual who does not receive the
intervention.

Any benefit-cost model includes a level of
uncertainty. WSIPP runs a sensitivity test to
account for the risk and uncertainty around the
inputs and assumptions of the model. As part of
this analysis, the model calculates the benefit-
cost results of a program 10,000 times, each
time varying inputs in the model. The “chance
benefits exceed costs” reflects the proportion of
those 10,000 runs in which benefits exceed (or
at least break even with) costs.


https://wsipp.wa.gov/TechnicalDocumentation/WsippBenefitCostTechnicalDocumentation.pdf
https://wsipp.wa.gov/TechnicalDocumentation/WsippBenefitCostTechnicalDocumentation.pdf

Estimating Monetary Benefits of Attendance
and Absences

In WSIPP’s benefit-cost analyses of
education programs, our estimates of
monetary benefits have come primarily from
program impacts on standardized test
scores, which impact students’ future
earnings.' For example, if a program
increases student test scores by a certain
magnitude, the model estimates the
amount of additional future earnings a
program participant will receive over their
lifetime, on average.

For the interventions we studied in this
report, improved attendance is the central
outcome of interest. Therefore, we
expanded the model to include attendance
and absences.

We approached this by estimating the
relationship between attendance and test
scores. We followed our standard literature
review and meta-analytic processes, as
described earlier, to estimate this
relationship. This allows us to indirectly
estimate how a program that impacts
absences or attendance may influence
students’ future lifetime earnings.

Limitations

Our estimated benefits are based on
changes to future labor market earnings.
While attendance interventions may
influence other future outcomes (e.g.,
educational attainment or public assistance
use), we cannot include these other benefit
categories in our analysis at this time.”’

19 See Section 4.8c of WSIPP's Technical Documentation.

20 An absence outcome is defined as the number of school
days missed in a given enrollment period.

21 We did not find rigorous research examining the
relationship between attendance or absences and impacts on
these outcomes.

As a result, our estimate of benefits
associated with program effects is limited.

Additionally, due to the limited number of
rigorous studies reporting effects between
attendance and test scores, we could not
monetize attendance outcomes separately
from absence outcomes. For the sake of
monetizing, we assume that student
absences and attendance have the same
effect on student test scores, just in
opposite directions (e.g., missing an
additional day of school or attending an
additional day of school has the same but
opposite impact on a student’s test
performance). However, it may be the case
that these outcomes have differential
impacts on test scores and, therefore,
impact future earnings differently.

Finally, we were unable to monetize chronic
absenteeism because we did not have
enough rigorous research to estimate a link
between student chronic absenteeism and
test performance. Therefore, if we find that a
program decreases chronic absenteeism, we
cannot estimate its monetary benefits
unless studies in the analysis also report
effects for general absences or attendance.

For more information on WSIPP’s approach
to benefit-cost analysis, see section 1.2 of
our Technical Documentation.?®

22 However, we can estimate monetary benefits if studies
examine other outcomes that we have monetized, like test
scores or high school graduation.

2 WSIPP (2024).


https://wsipp.wa.gov/TechnicalDocumentation/WsippBenefitCostTechnicalDocumentation.pdf
https://www.wsipp.wa.gov/BenefitCost/TechnicalDocumentation

V. Intervention Effectiveness
Results

This section summarizes evidence about the
effectiveness of each attendance
intervention.

Exhibit 9 briefly describes each intervention,
summarizes the effect size and direction of
the intervention on outcomes, and the net
present value.

An effect size is a measure of the effect of a
program on a particular outcome, in terms
of standard deviations, and indicates the
magnitude and direction of change. For
example, early warning systems reduced
student chronic absenteeism by 0.20
standard deviations, compared to students
in schools without early warning systems.
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Arrows in the exhibit indicate the direction
of change in an outcome. Green arrows
indicate a change in the desired direction
(e.g., increasing attendance or decreasing
chronic absenteeism), while red arrows
indicate an undesired change (e.g.,
decreasing test scores or decreasing
attendance). Finally, net present value is the
expected monetary benefits associated with
an intervention, minus intervention costs.

We report full meta-and benefit-cost results
in Appendices II.



Intervention

Exhibit 9

Summary of Intervention Effects and Benefit-Cost Findings

Description

Effect size &
direction

Net present

Outcomes
value

Attendance
campaigns

Attendance
plans

Early warning
systems (EWS)
for attendance

Notes:

Arrows indicate the direction of change in outcome. Green arrows indicate a change in the desired direction, while red arrows indicate a change in the undesired direction. The desired

School or community initiatives to educate students
and families about the importance of attending school.
Written agreements between students, families, and
schools that identify barriers to attendance and
develop a plan to meet goals.

Data-driven frameworks used to identify students at
risk of dropping out or not graduating based on
indicators like attendance, behavior, and performance.
School staff review data, determine intervention
implementation, and monitor student progress.

direction differs by outcome.
Effect sizes are reported under arrows. * indicates statistical significance at p<0.1, ** p<0.05, *** p<0.001.

“No rigorous research on effectiveness” means we did not find studies that used adequate statistical analyses to demonstrate the program’s causal impact. Studies may demonstrate

correlations, but we do not include these in meta-analyses.
Net present value is the total monetary benefits of an intervention, minus intervention costs.
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No rigorous research on effectiveness

No rigorous research on effectiveness

Chronic absenteeism

-0.20*
Grade point average (GPA)
0.03
($98)
School attendance
0.02
Suspensions
-0.06


https://www.wsipp.wa.gov/BenefitCost/Program/1075
https://www.wsipp.wa.gov/BenefitCost/Program/1075
https://www.wsipp.wa.gov/BenefitCost/Program/1075

Exhibit 9 (Continued)
Summary of Intervention Effects and Benefit-Cost Findings

Effect size & Net present
direction value

Intervention Description Outcomes

Chronic absenteeism

-0.02
Home visits are conducted by teachers and school staff . S
. . Office discipline referrals
Home visits for | to strengthen relationships between schools and -0.01
attendance families. Schools may choose to conduct visits with all $5,502
students or may target students with more absences. School attendance 010+
Test scores
0.03
Incentives are offered to students or classes who meet
attendance thresholds and are used to encourage
Incentives for regular attendance. Incentives can be awards ‘
: ' School attendance ($229)
attendance acknowledgments, prizes, entry into raffles, additional -0.03*
recess time, etc.
Dropout '
0.12
Grade point average (GPA) 3)'2
School-based mentoring programs that support ‘
School-based student attendance. Students are identified for High school graduation
mentoring for mentoring based on the number of absences, academic -0.01 ($2,309)
attendance standing, and other factors. Mentors are usually school Office discipline referrals
staff, but some are college students or peers. -1.04%*
School absences 005
Test scores 3;3
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https://www.wsipp.wa.gov/BenefitCost/Program/1072
https://www.wsipp.wa.gov/BenefitCost/Program/1072
https://www.wsipp.wa.gov/BenefitCost/Program/1071
https://www.wsipp.wa.gov/BenefitCost/Program/1071
https://www.wsipp.wa.gov/BenefitCost/Program/1078
https://www.wsipp.wa.gov/BenefitCost/Program/1078
https://www.wsipp.wa.gov/BenefitCost/Program/1078

Exhibit 9 (Continued)
Summary of Intervention Effects and Benefit-Cost Findings

Effect size & Net present

Outcomes . .
direction value

Intervention

Description

A schoolwide framework that school staff use to

Multi-Tiered provide academic and behavioral support to students.
System of Staff use screenings to identify students at risk of poor
Support outcomes, direct interventions to students based on a No rigorous research on effectiveness
(MTSS) for tiered system, monitor progress, and use data to
attendance inform decisions.
Schools may communicate with parents to share Chronic absenteeism 0.1 2%**
attendance information via text, email, mailers, or '
Parent postcards. Parent communication can be general or School attendance "
communication = specific to a student, such as the number of absences 0.05 $301
for attendance or content missed in class. Communication may occur Suspensions
once, on a regular schedule, or each time a student is -0.03
absent.
Test scores ‘
-0.03
School-wide A model that aims to impact schoolwide culture to Chronic absenteeism
Positive improve students’ emotional, behavioral, and academic -0.05
Behavioral outcomes. Features include using data for decision-
Interventions making, establishing measurable outcomes, setting Suspensions 0.12% $18,952
and Supports behavioral expectations, and using MTSS to implement '
(SWPBIS) for interventions. Test scores
attendance 0.14*
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https://www.wsipp.wa.gov/BenefitCost/Program/1074
https://www.wsipp.wa.gov/BenefitCost/Program/1074
https://www.wsipp.wa.gov/BenefitCost/Program/1074
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073
https://www.wsipp.wa.gov/BenefitCost/Program/1073

Attendance Campaigns

School- or community-wide attendance
campaigns raise awareness about the
importance of attending school regularly,
with the aim that increased awareness will
change student and family behaviors. These
efforts can involve various partners like
schools and community organizations,
which work together to spread shared
messages and offer resources to students.

We did not find any rigorous research
evidence to determine the effectiveness of
attendance campaigns. Appendix Il includes
additional information on several studies.

Attendance Plans

Attendance plans are written agreements
between students, families, and schools and
are developed after a student has reached a
certain number of absences. Attendance
plans help families and schools identify
barriers to regular attendance, clarify
attendance goals, and develop a plan to
meet those goals. They may help families
keep track of a student’s attendance and
often involve periodic follow-up or
adjustments.

Although attendance plans are utilized by
schools in and out of Washington, there is
little quantitative research evaluating their
effectiveness. We did not find any in-scope
studies in our literature search.* Attendance
plans are often one of many strategies
utilized by schools, and we did not find any
research that reported an isolated effect of
only attendance plans.

24 A few studies discussed attendance plans as a strategy, but
they did not assess the impact quantitatively.
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Early Warning Systems

Early warning systems (EWS) are data-driven
frameworks that schools use to identify
students at risk of dropping out or not
graduating on time. They generally rely on
indicators like attendance, behavior, and
course performance to identify students.

While the use of EWS varies across schools,
typically, school staff form teams that meet
regularly to review data, determine if
interventions are needed, and monitor
student progress. Many of these features
are the same or similar to practices we
heard schools use in Washington (e.g., using
data to inform interventions, attendance
teams).

Meta-Analytic Results

Based on our analysis, we estimate that the use of
EWS in schools reduces chronic absenteeism, on
average. We also estimated the program’s effects
on grade point average, suspension, and general
attendance, but the effects were not statistically
significant. On average, students in our analysis
were 14 years old.

Benefit-Cost Results

We estimate that EWS costs $162 per
student on average. As a result, we find that
the total societal benefits associated with
early warning systems, which are $64, would
not outweigh the costs of providing the
program because the effect on attendance
is small. The net present value of the
intervention is -$98.



Home Visits

Home visits aim to strengthen relationships
and improve communication between
teachers and families. They are conducted
outside of school hours by teachers and
sometimes other school personnel, usually
in pairs. Generally, home visits are targeted
at students with more absences but
sometimes are conducted with the general
student body.

Meta-Analytic Results

Our meta-analysis of existing literature on
home visits indicates a positive impact on
school attendance and test scores. We
found that students who receive home visits
have higher school attendance rates than
students who do not. We also estimated an
increase in test scores and reductions in
office discipline referrals and chronic
absenteeism, though these results were not
statistically significant. The average student
in this meta-analysis was in 7" grade, but
samples spanned both elementary and
middle school grades.

Benefit-Cost Results

On average, the cost of home visits is $76
per student, which includes teacher and
school staff compensation. We estimate the
total benefits to society of home visits to be
$5,577. Most benefits are for students, as
improvements in test scores are associated
with improved future earnings. We therefore
estimate a net present value of $5,502.

2> Cramer (2025).
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Incentives

Schools and teachers may offer incentives to
encourage attendance and combat absenteeism.
Students or classes who meet a certain
attendance threshold may receive or be eligible
to receive a reward offered as an incentive,
which may include awards and
acknowledgments, physical prizes, entry into
raffles, additional recess time, and more. Two
Educational Service Districts (ESDs) in
Washington reported schools using incentives to
promote attendance in their region.?®

Meta-Analytic Results

We found two studies that measured the impact
of incentive programs on school attendance. The
average student was 14 years old across the
studies, which included elementary, middle, and
high school students. Results from these studies
did not provide evidence that incentives improve
attendance; students who participated in
incentive programs had slightly lower
attendance rates than those who did not. Each
study offered ideas as to why; baseline rates of
attendance were higher than expected in one,
and the other hypothesized that retrospective
rewards may send the wrong message that
students have exceeded attendance
expectations. Overall, there was a limited amount
of research, and results may vary with different
incentive types.

Benefit-Cost Results

Studies in our meta-analysis used incentives that
were free or had negligible costs (extra recess
time and paper certificates acknowledging good
attendance), so we assumed zero program costs.
Since our meta-analytic results showed a
reduction in attendance, we estimate a total loss
of $229 in societal benefits, and a net present
value of negative $229.


https://wsipp.wa.gov/ReportFile/1835/Wsipp_Chronic-Absenteeism-in-Washingtons-K-12-Schools-What-Schools-Are-Doing-to-Reduce-Absenteeism_Report.pdf

School-Based Mentoring

There are several types of school-based
mentoring programs, but we focused on
school-based mentoring programs that
intend to support attendance as a primary
goal. The studies in our analysis focused
primarily on elementary and middle school
students who were identified for mentoring
services based on the number of absences,
academic standing, and factors like
behavioral incidents.

Students typically met with mentors one-on-
one for an average of 18 months. Mentors
were usually school staff members, but some
were college students or peer mentors.
Several studies in our analysis focused on the
impact of brand-name programs, including
Check & Connect, the U.S. Department of
Education’s Student Mentoring Program, and
the Peer Group Connection-Middle School
program.

In our first report, we found that Washington
schools may use mentoring, among other
relationship-building efforts, to strengthen
ties between teachers and/or school staff and
students, generally at the elementary school
level.

Meta-Analytic Results

We found one study indicating that school-
based mentoring programs reduce office
discipline referrals. Based on five studies in
the analysis, mentoring programs reduced
student absenteeism, but the results were not
statistically significant. We also estimated
effects on test scores, high school graduation,
grade point average, and the likelihood of
dropping out of school .?

2 Two of the five studies in the analysis included high school
student populations.
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Some of these outcomes were not in desired
directions (e.g., studies indicated mentoring
reduced test scores), though results were not
statistically significant.

Benefit-Cost Results

School-based mentoring had the highest
program costs of the interventions we
examined. We estimate that the average
cost to provide mentoring services for a
student for one school year is $1,731. In
part, these costs are driven by the costs of
the Check & Connect program, which can
use school staff or dedicated full-time
mentors. We find that the total societal
benefits of these mentoring programs,
which are negative $578, would not
outweigh program costs. The net present
value of school-based mentoring is negative
$2,309.

Multi-Tiered System of Supports (MTSS)

Multi-tiered system of supports (MTSS) is a
schoolwide framework that educators and
staff use to provide academic and
behavioral supports to students.?” In this
model, screenings are administered during
the school year to identify students at risk of
poor outcomes and in need of support. A
tiered system is used to direct instruction
and interventions to higher-risk students
(tier 3), some students (tier 2), or all
students in the school (tier 1). School staff
monitor student progress and use data to
inform decisions throughout the process.
In our interviews with ESD staff for the first
report, we often heard that schools use
MTSS in the context of supporting student
attendance.

27 Center on Multi-Tiered System of Supports. American
Institutes for Research.


https://mtss4success.org/
https://mtss4success.org/

We did not find enough rigorous research
to conduct a meta-analysis and cannot
determine the MTSS model's effect on
student attendance or absence outcomes.”®
Appendix Il includes additional information
on several studies.

While some of the interventions we
examined can fall within specific MTSS tiers
(i.e., mentoring, home visits, parent
communication), we did not focus on the
effectiveness of interventions administered
to specific tiers of students. A 2025 rapid
literature review summarized the research
evidence on attendance interventions by
MTSS tiers.®

Parent Communication Strateqgies

Schools may use parent communication
strategies to share general attendance
information or information specific to a
student, such as a student’'s number of
absences or content missed in class. Some
schools direct communication to all parents,
while others target parents of students who
are chronically absent. Communication is
typically through texts or emails, or through
letters or mailers, and may occur once, on a
regular schedule (e.g., monthly), or each
time a student is absent.

28 There may be robust research that examines the impact of
MTSS on academic and behavioral outcomes, but those were
not the primary outcomes of interest for this report.

2 Melvin, G., McKay-Brown, L., & Heyne, D.

(2025). Interventions to promote school attendance and
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Meta-Analytic Results

We included six studies on parent
communication in our meta-analysis.
Students spanned grades K-12 with an
average age of 9. We found that students in
schools with parent communication
programs had higher attendance rates than
those in similar schools without programs.*
Estimates were similar between studies that
directed communication to all parents vs.
parents of chronically absent students, and
between studies that used text and email vs.
letter and mailer communication. Two
studies found that parent communication
programs specifically reduced chronic
absenteeism.

Benefit-Cost Results

We estimate the cost of parent
communication programs to be about $7
per student and the total benefits to society
to be $308 (i.e., a net present value of $301).
We expect that benefits of the program will
exceed program costs.

address student absence. Australian Education Research
Organization.

30 The improvement in school attendance was significant at
the 0.05 level (p<0.001)


https://files.eric.ed.gov/fulltext/ED673994.pdf
https://files.eric.ed.gov/fulltext/ED673994.pdf

School-Wide Positive Behavioral
Interventions and Supports (SWPBIS)

SWPBIS is a model that aims to impact
schoolwide culture and behavioral supports
to improve students’ emotional, behavioral,
and academic outcomes. Key program
features include collecting and analyzing
data for decision-making, establishing
measurable outcomes, setting behavioral
expectations, and using MTSS to implement
evidence-based practices for individual
students, student groups, or all students in a
school ' The components of SWPBIS are
similar to the activities schools currently do
in Washington (e.g., using data, attendance
teams).

31 MTSS is a comprehensive system for supporting student
success. SWPBIS is a behavior-focused framework typically
implemented as part of MTSS.
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Meta-Analytic Results

We found evidence that SWPBIS has a positive
impact on student test scores and suspensions,
but no effect on chronic absenteeism. Given the
research evidence, we estimate that students in
schools with SWPBIS have test scores that are
higher and suspension rates that are lower than
those of students in schools without SWPBIS. The
results of our analysis represent program effects
specifically for elementary school students.

Benefit-Cost Results

We estimate that the average cost to
implement SWPBIS for one year is $162 per
student. On average, we estimate total
benefits to society to be $19,114, with most
benefits accruing to students through
increased earnings. Given this, we expect
that program benefits would exceed costs
and have a net present value of $18,952.



VI. Conclusion

In this section, we answer the report’s main
research questions, address limitations, and
discuss the implications of our results.

I.  What school-level factors are
associated with chronic absenteeism?

The proportion of students in a school who
are low-income, have a disability, and/or
are homeless, and a school’s discipline rate
are the factors most associated with higher
chronic absenteeism rates.* This was true
across analysis types and school levels. In
addition, schools in towns and rural areas
had slightly lower rates of chronic absence
compared to schools in cities or suburbs.

We identified some differences across
school levels, too. In middle and high
schools, we found that teacher gender, race,
and education level were more strongly
associated with chronic absenteeism. These
analyses were exploratory, and not all have
a strong theoretical basis to explain the
relationship with absenteeism.

When considering information from the
Healthy Youth Survey, student perspectives
and experiences play an important role
among middle school students specifically.
In middle schools, students’ use of social
media and reports of being bullied were
associated with higher absenteeism rates.
The social media result was present but
weaker among high schools. Factors related
to absenteeism in high schools may be
more varied and harder to predict.

32 |n regression analysis, the association on homelessness
was not significant for the middle school population.

29

Limitations

Correlates and regression results are
patterns and should not be interpreted as
causes of chronic absenteeism. However,
they can help inform what types of school-
level factors are associated with higher or
lower chronic absenteeism rates.

[l.  What does existing research indicate
about the effectiveness of
attendance interventions that
schools in Washington currently use?

We found that parent communication
strategies, home visits, and early warning
systems can increase general attendance
and reduce chronic absenteeism.

We also found that some interventions may
have little impact on attendance but
positive effects on other outcomes. For
example, schools’ use of School-Wide
Positive Behavioral Interventions and
Supports (SWPBIS) can increase student test
performance and reduce suspensions.
School-based mentoring programs can
reduce the number of disciplinary actions a
student receives.

Finally, we found some evidence that the
use of incentives may decrease
attendance. The authors of studies in this
analysis theorized that this may be due to
the fact that attendance rates for students in
the samples were higher than expected to
start. Therefore, students may have been
less motivated by incentives to increase
their attendance than if their attendance
had been lower to begin with.



We did not find rigorous research to
demonstrate the effectiveness of using
attendance campaigns, attendance plans, or
a multi-tiered system of supports (MTSS).

Limitations

We may be missing interventions that are
impactful but were not identified as being
implemented in Washington. Further, our
findings demonstrate average effects and
may not translate if interventions are
implemented in settings or populations
different from the ones in our analyses.

lll. Do the benefits of these
interventions outweigh their costs?

We estimate that SWPBIS, home visits,
and parent communication strategies are
the most likely interventions to have
benefits that exceed program costs. We
find that SWPBIS has the largest monetary
benefit to society, over $19,000, on average.
Students who receive home visits or parent
communication strategies could expect to
earn $2,877 and $160 in additional lifetime
earnings on average, respectively.

While we estimated that the use of early
warning systems reduces chronic
absenteeism, the benefits for students were
small and not likely to exceed the costs that
schools bear to implement these systems.
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Further, since we found that incentive
programs reduce attendance, the benefits of
these programs do not exceed costs, even
though these activities generally have low or
no costs. Finally, school-based mentoring
programs had the highest implementation
costs of all the interventions we examined,
and while we estimated a positive effect on
student disciplinary actions, the benefits of
these programs do not exceed costs.

Limitations

The benefit-cost model does not allow us to
monetize every outcome. Therefore, we
cannot estimate benefits beyond those that
could be observed, quantified using existing
literature, and monetized. Importantly,
inclusion of some outcomes (i.e., test scores)
will have larger impacts on results than
other outcomes like attendance, which is
indirectly linked to earnings through its
effect on test scores.



Implications of Findings

Our school-level analysis results can help
decision makers anticipate which student,
school, and community attributes may be
associated with higher absenteeism rates.
For example, decision makers may find that
middle and high schools with large
populations of low-income students or large
populations of students reporting
challenges around social media use or
bullying may have higher absenteeism rates
than other schools, and may direct
resources to these schools.

Our intervention results can further help
individuals choose which evidence-based
and cost-beneficial activities to implement.
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Finally, our findings about low-income,
homelessness, and disability indicators
being associated with chronic absenteeism
are well documented in the research
literature and reiterate the point that
students often miss school because of
situations outside of their control. When
considering attendance interventions, it is
important to keep this in mind and consider
the complex and interconnected factors, in
and out of schools, that influence
attendance. While it may be difficult to
affect outcomes for all students, it's
important for school and state leaders to
understand the issues underlying chronic
absenteeism so they can target resources to
students and schools who need it the most.
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Appendix I. School-Level Analysis Decisions, Results, and Alternate Models

Dataset Structure

We merged data from several sources for the school-level analysis dataset, including the Office of
Superintendent of Public Instruction (OSPI), National Center for Education Statistics (NCES), the census,
and the Healthy Youth Survey (HYS). For each school, we had a range of information on student
demographics and characteristics, teacher demographics, school characteristics, and, when applicable,
student-reported behaviors and perspectives from the HYS. Data from OSPI and the HYS were originally
student-level. We transformed student-level data to school-level data by calculating school averages for
each characteristic. For example, our dataset represents the proportion of students who are female, low-
income, or chronically absent at each school. Each observation corresponds to one school in Washington.

Exclusion Criteria

We excluded schools that were classified as jails or juvenile detention centers, institutional schools,
reengagement schools, vocational schools, or special education schools. We also excluded schools that
served only Pre-K or Pre-K and Kindergarten. We removed schools that were missing data on grade level
or chronic absenteeism.

School Classifications

We classified schools as elementary, middle, and high schools. Elementary schools in Washington typically
serve grades K-5, middle schools serve grades 6-8, and high schools serve grades 9-12. Schools could be
classified as more than one type—for example, K-8 schools were classified as elementary and middle. A
school had to serve at least two grades typically served by a given school type to receive that
classification.

Variable Inclusion Decisions

To examine the relationship between school-level covariates and chronic absenteeism rates, we
conducted two types of analyses: correlational and multivariate regression. There were differences in the
variables included in each type of analysis. This is because the two approaches function differently and
serve different purposes.
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Correlational Analysis

A correlational analysis reveals the strength of the relationship between two variables. The correlation
coefficient is a numeric representation of this relationship. For our correlational analysis, we determined
all covariates of interest and included each to see the strength of its relationship with the proportion of
chronically absent students. This analysis aimed to reveal covariates with the strongest link to chronic
absenteeism, to contextualize absenteeism, and to understand factors that may be related. However,
correlations only measure the relationship between two variables at a time. They do not account for other
variables that may impact or confound the relationship.

Multivariate Regression Models

Alternatively, multivariate regression models do account for other variables that are included in the
model. The value of a regression coefficient represents the relationship between the covariate and the
proportion of chronically absent students, holding all other variables in the model constant. For this
reason, decisions about which variables to include in the model depend on what else is included. If
variables in the model are closely related to each other, or collinear, the results become less reliable.
Observations missing any values are also dropped from the model, so variables with higher missingness
will result in lower sample sizes. Additionally, some variables represent constructs or characteristics that
are dynamic (changeable), while others represent fixed characteristics. Both are informative, but dynamic
characteristics may be more useful for intervention purposes.

We omitted variables from our first regression model shown in Exhibit 6 due to a combination of
collinearity, missingness, and fixed vs. dynamic constructs. First, we omitted all student race and ethnicity
proportion variables. Several were highly multicollinear with other variables, and they are relatively fixed
constructs, so we prioritized the inclusion of other variables in the model. We ran separate regressions
including only student race and ethnicity variables, shown in Exhibit A4.

We omitted a number of additional variables based on collinearity. For example, we included the variable
for the proportion of students who are low-income but excluded the variable representing zip code
median income. Similarly, we included the proportion of students meeting English Language Arts
foundational standards but excluded the proportion meeting math standards.

We also pulled out variables from the HYS and ran separate models to examine their associations. Many
HYS variables also had high levels of collinearity with other variables in the model, and levels of
missingness were slightly higher. We included a select number of demographic controls in the model with
HYS variables, presented in Exhibit 7.
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Exhibit A2
Descriptive Statistics

Variable Data ni All schools Elementary Middle
source N=2,189 N=1,349 N=625
Student demographics
Female OSPI 0-1 0.48 (0.05) 0.48 (0.03) 0.49 (0.05) 0.48 (0.07)
Al/AN OSPI 0-1 0.02 (0.08) 0.02 (0.08) 0.03 (0.11) 0.03 (0.01)
Asian OSPI 0-1 0.07 (0.11) 0.07 (0.12) 0.06 (0.10) 0.05 (0.09)
Black OSPI 0-1 0.04 (0.07) 0.04 (0.07) 0.04 (0.07) 0.04 (0.07)
Multiracial OSPI 0-1 0.09 (0.05) 0.09 (0.05) 0.08 (0.05) 0.08 (0.05)
NH/PI OSPI 0-1 0.01 (0.02) 0.01 (0.02) 0.01(0.02) 0.01(0.02)
White OSPI 0-1 0.52 (0.23) 0.51 (0.24) 0.55 (0.24) 0.56 (0.24)
Hispanic/Latino OSPI 0-1 0.25 (0.20) 0.24 (0.20) 0.23 (0.20) 0.24 (0.20)
English language learners OSPI 0-1 0.14 (0.14) 0.16 (0.15) 0.10 (0.12) 0.09 (0.11)
Highly capable OSPI 0-1 0.06 (0.07) 0.05 (0.07) 0.07 (0.08) 0.05 (0.06)
Homeless OSPI 0-1 0.04 (0.04) 0.04 (0.04) 0.03 (0.05) 0.05 (0.06)
Low-income OSPI 0-1 0.52 (0.22) 0.51(0.23) 0.51(0.22) 0.51(0.21)
Migrant OSPI 0-1 0.02 (0.06) 0.02 (0.06) 0.02 (0.06) 0.03 (0.07)
Military parent OSPI 0-1 0.03 (0.07) 0.03 (0.09) 0.02 (0.05) 0.02 (0.03)
Mobile OSPI 0-1 0.04 (0.05) 0.04 (0.04) 0.05 (0.05) 0.07 (0.08)
Disabled OSPI 0-1 0.17 (0.06) 0.18 (0.06) 0.15 (0.06) 0.15 (0.08)
Student academics
Foundational ELA knowledge OSPI 0-1 0.69 (0.17) 0.67 (0.17) 0.65 (0.19) 0.68 (0.21)
Foundational math knowledge OSPI 0-1 0.61 (0.20) 0.66 (0.19) 0.54 (0.20) 0.44 (0.21)
Dropout rate OSPI 0-1 -- -- -- 0.18 (0.16)
Graduation rate OSPI 0-1 -- -- -- 0.81 (0.18)
Discipline rate OSPI 0-1 0.04 (0.04) 0.02 (0.03) 0.06 (0.05) 0.04 (0.04)
Chronic absenteeism OSPI 0-1 0.26 (0.14) 0.23 (0.12) 0.25 (0.14) 0.31(0.20)
Chronic absenteeism 2022-23 OSPI 0-1 0.30 (0.14) 0.27 (0.12) 0.27 (0.15) 0.33 (0.20)
Teacher demographics

Female OSPI 0-1 0.72 (0.17) 0.81(0.13) 0.65 (0.16) 0.56 (0.17)
Al/AN OSPI 0-1 0.01 (0.03) 0.01 (0.03) 0.01 (0.04) 0.01 (0.04)
Asian OSPI 0-1 0.03 (0.05) 0.03 (0.05) 0.02 (0.04) 0.02 (0.04)
Black OSPI 0-1 0.01 (0.03) 0.01 (0.03) 0.01 (0.03) 0.01 (0.04)
Multiracial OSPI 0-1 0.02 (0.03) 0.02 (0.03) 0.01 (0.03) 0.02 (0.04)
NH/PI OSPI 0-1 0.00 (0.03) 0.00 (0.04) 0.01 (0.05) 0.00 (0.01)
White OSPI 0-1 0.82 (0.15) 0.82 (0.15) 0.82 (0.17) 0.81(0.18)
Hispanic/Latino OSPI 0-1 0.06 (0.09) 0.06 (0.10) 0.05 (0.07) 0.05 (0.08)
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Exhibit A2 (Continued)
Descriptive Statistics

Variable Data ni All schools Elementary Middle
source N=2,189 N=1,349 N=625
School characteristics
Total students OSPI N 511.23 (395.76) 406.78 (208.92) 488.42 (341.23) 684.62 (675.48)
Total teachers OSPI N 34.02 (21.39) 29.88 (14.04) 31.35 (20.09) 40.51 (35.57)
Teacher years of experience OSPI Years 13.12 (3.41) 12.85 (3.41) 13.35 (3.97) 13.67 (3.90)
Master's degree OSPI 0-1 0.72 (0.13) 0.70 (0.14) 0.71 (0.15) 0.73 (0.15)
Pupil-teacher ratio NCES N 17.82 (16.37) 16.78 (16.61) 20.01 (20.68) 21.69 (27.86)
Per pupil expenditure NCES Dollars ~ $21,584 ($11,573) $21,910 ($14,184)  $22,615 ($20,356) $22,063 ($15,515)
Healthy Youth Survey questions
At least one ACE HYS 0-1 -- -- -- 0.62 (0.09)
Adult support in the community HYS 0-1 -- -- -- 0.65 (0.13)
Sports, clubs, and activities available HYS 0-1 -- -- -- 0.51 (0.19)
No reported disabilities HYS 0-1 -- -- -- 0.52 (0.16)
Limiting disability HYS 0-1 -- -- -- 0.08 (0.07)
Doctor visit in the past year HYS 0-1 -- -- -- 0.71 (0.12)
Dentist visit in the past year HYS 0-1 -- -- -- 0.79 (0.12)
Asthma diagnosis HYS 0-1 -- -- 0.12 (0.06) 0.17 (0.08)
Generalized anxiety disorder HYS 0-1 -- -- -- 0.36 (0.10)
Depression in the past year HYS 0-1 -- -- -- 0.35(0.11)
Source of adult help HYS 0-1 -- -- 0.74 (0.07) 0.74 (0.09)
Problematic internet usage HYS 0-1 -- -- -- 0.48 (0.12)
Suicide consideration or attempt HYS 0-1 -- -- 0.22 (0.09) 0.20 (0.40)
Suicide prevention school resources HYS 0-1 -- -- -- 0.55 (0.15)
Bullied in the past month HYS 0-1 -- -- 0.31 (0.09) 0.19 (0.09)
Cyberbullied in the past month HYS 0-1 -- -- -- 0.15 (0.08)
Adults prevent bullying HYS 0-1 -- -- -- 0.73 (0.12)
Knowledge of bullying reporting HYS 0-1 -- -- -- 0.72 (0.11)
Risk of academic failure HYS 0-1 -- -- 0.43 (0.11) 0.49 (0.15)
Risk of low school commitment HYS 0-1 -- -- 0.61 (0.10) 0.57 (0.13)
Gangs at school HYS 0-1 -- -- -- 0.13 (0.11)
Brought a weapon to school HYS 0-1 -- -- 0.02 (0.02) 0.03 (0.03)
Absence due to unsafe travel to school HYS 0-1 -- -- -- 0.08 (0.08)
Somewhat hopeful on Children’s Hope Scale HYS 0-1 -- -- 0.69 (0.10) 0.67 (0.11)
3+ hours screen time daily HYS 0-1 -- -- -- 0.72 (0.10)
Daily social media use HYS 0-1 -- -- 0.53 (0.13) 0.76 (0.13)
Feel safe during school HYS 0-1 -- -- 0.82 (0.08) 0.81 (0.08)
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Exhibit A2 (Continued)
Descriptive Statistics

Variable Data ni All schools Elementary Middle

source N=2,189 N=1,349 N=625

Neighborhood characteristics

Unemployment Census 0-1 0.05 (0.03) 0.05 (0.03) 0.05 (0.02) 0.05 (0.02)
Adults with high school diploma Census 0-1 0.91 (0.07) 0.91 (0.07) 0.91 (0.07) 0.91 (0.07)
Adults with bachelor’s or higher Census 0-1 0.34 (0.17) 0.34 (0.17) 0.33 (0.16) 0.32 (0.16)
Median income Census Dollars ~ $94,591 ($32,932) $95,783 ($33,547)  $92,465 ($31,745) $88,370 ($30,474)
Rural or town setting NCES 0-1 0.36 (0.48) 0.33 (0.47) 0.42 (0.49) 0.47 (0.50)

Notes:

Means and SDs are reported.

Al/AN: American Indian or Alaska Native

NH/PI: Native Hawaiian or Pacific Islander

ELA: English language arts

ACE: Adverse childhood experience

OSPI: Office of Superintendent of Public Instruction

NCES: National Center for Education Statistics

HYS: Healthy Youth Survey

Healthy Youth Survey variables provided by the Washington State Department of Health

"Highly capable students” are identified by the district and offered instruction and activities to accelerate learning.
"Mobile students” are identified if a student has a high frequency of school or district changes.

"Have foundational ELA or math knowledge” indicates meeting at least level 2 on a 1-4 proficiency scale.
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Exhibit A3
Correlations with the Proportion of Chronically Absent Students

Elementary Middle
N=1,349 N=625
Student characteristics
Female -0.07 -0.21 0.04
Al/AN 0.28 0.28 0.22
Asian -0.19 -0.16 -0.07
Black 0.19 0.09 0.17
Multiracial 0.07 0.11 0.12
NH/PI 0.32 0.19 0.14
White -0.28 -0.28 -0.28
Hispanic/Latino 0.21 0.20 0.15
English language learners 0.22 0.24 0.17
Highly capable -0.22 -0.10 -0.09
Homeless 0.39 0.25 0.30
Low-income 0.52 0.41 0.35
Migrant 0.09 0.17 0.11
Military parent -0.05 -0.02 -0.03
Mobile 0.02 -0.18 -0.06
Disabled 0.30 0.29 0.28
Foundational ELA knowledge -0.32 -0.05 0.02
Foundational math knowledge -0.25 -0.09 -0.16
Dropout rate -- -- 0.09
Graduation rate -- -- -0.03
Discipline rate 0.33 0.52 043
Chronic absenteeism 2022-23 0.88 0.90 0.87
Teacher demographics
Female 0.03 -0.12 -0.03
Al/AN 0.18 0.21 0.15
Asian -0.02 0.04 0.11
Black 0.13 0.11 0.05
Multiracial 0.06 0.03 0.09
NH/PI 0.05 0.04 0.10
White -0.06 -0.01 0.01
Hispanic/Latino 0.09 0.15 0.12
School characteristics
Total students -0.04 0.08 0.06
Total teachers 0.08 0.16 0.08
Teacher years of experience -0.20 -0.18 -0.18
Master's degree -0.13 -0.08 -0.18
Pupil-teacher ratio -0.20 -0.23 -0.21
Per pupil expenditure 0.03 0.00 0.00
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Exhibit A3 (Continued)
Correlations with the Proportion of Chronically Absent Students

. Elementary
Variable N=1,349
At least one ACE -- -- 0.33
Adult support in the community -- -- -0.19
Sports, clubs, and activities available -- -- -0.19
No reported disabilities -- -- -0.05
Limiting disability -- -- -0.01
Doctor visit in the past year -- -- -0.07
Dentist visit in the past year -- -- -0.24
Asthma diagnosis -- 0.17 0.19
Generalized anxiety disorder -- -- 0.07
Depression in the past year -- -- 0.23
Source of adult help -- -0.42 -0.20
Problematic internet usage -- -- -0.00
Suicide consideration or attempt -- 042 -0.02
Suicide prevention school resources -- -- -0.17
Bullied in the past month -- 0.38 0.07
Cyberbullied in the past month -- -- 0.08
Adults prevent bullying -- -- -0.11
Knowledge of bullying reporting -- -- -0.14
Risk of academic failure -- 0.31 0.26
Risk of low school commitment -- 0.37 0.04
Gangs at school -- -- 0.14
Brought a weapon to school -- 0.28 0.11
Absence due to unsafe travel to -- -- 0.10
school
Somewhat hopeful on Children’s -- -044 -0.24
Hope Scale
3+ hours screen time daily -- -- 0.17
Daily social media use -- 0.53 0.25
Feel safe during school -- -0.53 -0.21

Neighborhood characteristics

Unemployment 0.14 0.07 0.03
Adults with high school diploma -0.17 -0.12 -0.04
Adults with bachelor’s or higher -0.31 -0.20 -0.06
Median income -0.30 -0.20 -0.06
Rural or town setting 0.02 -0.01 -0.10
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Exhibit A4
Student Race and Ethnicity Proportion Multivariate Models

. . Elementar Middle
Race or ‘Ethmaty N=1,349y N=625
Proportion

SE
Al/AN 0.33 0.11 0.002 0.12 0.18 0.50 0.43 0.21 0.83
Asian -0.28 0.07 <0.001 -0.47 0.14 0.001 -0.61 0.20 0.003
Black 0.11 0.09 0.19 -0.11 0.21 0.59 0.14 0.24 0.57
Hispanic/Latino -0.01 0.06 0.93 -0.12 0.13 0.35 -0.21 0.17 0.23
NH/PI 1.16 0.17 <0.001 0.83 0.42 0.05 0.23 0.63 0.71
White -0.12 0.07 0.09 -0.27 0.14 0.05 -0.39 0.19 0.03
Notes:

Al/AN: American Indian/Alaska Native.
NH/PI: Native Hawaiian/Pacific Islander.
The proportion of multiracial students is the reference category.
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Appendix Il. Intervention Effectiveness Meta-and Benefit-Cost Results

Literature Review Process

We conducted systematic literature reviews for each of the nine attendance interventions described in this
report. We used two databases to search for studies: EBSCOhost and Google Scholar. Our searches were
conducted between October 2025 and April 2026. For each intervention topic, we searched for studies
published between 2000 and 2026 and collected the first 200 citations from each database. Exhibit A5
summarizes the terms we used to search for studies for each of the nine intervention categories and the
number of studies we pulled for screening.
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Intervention

Attendance
campaigns

Attendance
plans

Early warning
systems

Home visits

Incentives

Notes:

Exhibit A5

Search Terms and Number of Studies Pulled for Screening

EBSCO search terms

(campaign*)

AND (attendance OR absent* OR absence*
OR truan*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

("Attendance plan” OR “success plan”)

AND (attendance OR absent* OR absence*
OR truan*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

("Early warning” OR “warning system”)

AND (attendance OR absent* OR absence*
OR truan*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

(Home visit*)

AND (attendance OR absent* OR absence*
OR truan*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

(incentive OR competition OR compete OR

prize OR reward OR award)

AND (attendance OR absent* OR absence*

OR truan®)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

Google Scholar search
terms

“Attendance campaign”
absent absence truant
truancy school student
(outcome | evaluate |
evaluation | intervention |
program)
("Attendance plan” |
“success plan”) attendance
absent absence truant
truancy school student
(outcome | evaluate |
evaluation | intervention |
program)
“Early warning
system”
attendance absent
absence truant truancy
school student (outcome |
evaluate | evaluation |
intervention | program)

"o,

warning

“Home visit” attendance
absent absence truant
truancy school student
(outcome | evaluate |
evaluation | intervention |
program)

Incentive compete
competition prize reward
award attendance absent
absence truant truancy
school student (outcome |
evaluate | evaluation |
intervention | program)

# studies pulled
for screening’

EBSCO - 100

Google Scholar - 27

EBSCO -7

Google Scholar -
124

EBSCO - 200

Google Scholar -
84

Backward citation
chasing? - 2
EBSCO - 200

Google Scholar -
200

Backward citation
chasing - 4

EBSCO - 200
Google Scholar -
200

Backward citation
chasing - 16

" We pulled the first 200 citations from each database. We pulled fewer citations if fewer results were available or if search results
were not relevant to the topic.
2 Looking at the bibliography of particularly relevant studies and/or systematic reviews or meta-analyses to make sure we have
captured all relevant citations for review. We conducted backward citation searches for some intervention topics to ensure a

comprehensive search.
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Intervention

School-based
mentoring

Multi-Tiered
System of
Support (MTSS)

Parent
communication
strategies

School-Wide
Positive
Behavioral
Interventions
and Supports
(SWPBIS)

Notes:

Exhibit A5 (Continued)
Search Terms and Number of Studies Pulled for Screening

EBSCO search terms

(mentor* OR coach?*)

AND (attendance OR absent* OR absence*
OR truan®)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

(“Multi-tiered system of supports” OR
MTSS OR “tiered framework”)

AND (attendance OR absent* OR absence*
OR truan®)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

(Communication OR “sharing information”)
AND (parent* OR guardian* OR family)
AND (attendance OR absent* OR absence*
OR truan®)

AND (school OR student OR parent)

AND (outcome OR evaluat* OR intervention
OR program)

(Letter* OR reminder* OR notification OR
text* OR email)

AND (parent* OR family OR guardian*)
AND (attendance OR absent* OR absence*
OR truan®*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

(SWPBIS OR “school-wide positive
behavior” OR PBIS)

AND (attendance OR absent* OR absence*
OR truan®*)

AND (school OR student)

AND (outcome OR evaluat* OR intervention
OR program)

Google Scholar search
terms

Mentor mentorship
coach attendance absent
absence truant truancy
school student (outcome
| evaluate | evaluation |
intervention | program)
Multi-tiered system of
supports MTSS
framework
attendance absent
absence truant truancy
school student (outcome
| evaluate | evaluation |
intervention | program)
Parent guardian
communication
communicating sharing
information attendance
absent absence truant
truancy school student
parent (outcome |
evaluate | evaluation |
intervention | program)

Letter reminder
notification text email
parent family guardian
attendance absent
absence truant truancy
school student (outcome
| evaluate | evaluation |
intervention | program)
Schoolwide universal
SWPBIS school-wide
positive behavior
intervention support PBIS
attendance absent
absence truant truancy
school student (outcome
| evaluate | evaluation |
intervention | program)

# studies pulled for

screening’
EBSCO - 200

Google Scholar -
150

EBSCO - 200

Google Scholar -
400

Backward citation
chasing? - 6

EBSCO - 400

Google Scholar -
400

Backward citation
chasing - 31

EBSCO -70

Google Scholar - 63

Backward citation
chasing - 10

" We pulled the first 200 citations from each database. We pulled fewer citations if fewer results were available or if search results
were not relevant to the topic.
2 Looking at the bibliography of particularly relevant studies and/or systematic reviews or meta-analyses to make sure we have
captured all relevant citations for review.
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Screening Process

All citations gathered from literature reviews were uploaded into Covidence, a web-based platform used
for systematic reviews, screening, and data extraction.3 Using Covidence, we underwent several screening
stages to identify studies that are most relevant and methodologically appropriate for inclusion in a meta-
analysis. In the first stage of screening, we reviewed article titles and abstracts to determine relevance. In
the second screening stage, we reviewed the full text to determine if the study meets criteria for inclusion
(e.g., study focuses on the correct population, setting, outcomes) and uses a statistical methodology that
demonstrates the program’s impact on primary outcomes of interest (in this case, student attendance or
absence outcomes). Below, we list the key criteria we used to exclude studies initially. Exhibit A6
summarizes our screening results for each intervention topic.

Inclusion Criteria
e Intervention’s primary goal is to impact student attendance.

e Population includes elementary, middle, and high school students

e Primary outcomes of interest are general attendance, absences, and chronic absenteeism.

Exclusion Criteria
e Study published before 2000

e Study conducted outside of the United States

e Study published in a language other than English

e Population other than K-12 students (e.g., preschool or college students)
e Qualitative methodology (e.g., case studies).

e Study doesn't include a comparison group.

33 Covidence.
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Exhibit A6
Screening Results

# Studies # Duplicate # Studies # Studies # Studies in
Intervention uploaded to studies excluded (stage 1  excluded (stage 2 final meta-

Covidence removed screening) screening) ELEWAT
Attendance campaigns 127 6 100 21 0
Attendance plans 131 6 122 3 0
Early warning systems 286 30 188 65 3
Home visits 404 24 345 32 3
Incentives 415 8 376 29 2
School-based mentoring 350 29 264 52 5
Multi-Tiered System of Supports (MTSS) 222 11 145 66 0
Parent communication strategies 825 103 669 47 6

School-Wide Positive Behavioral Interventions

and Supports (SWPBIS) 143 8 73 60 2
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Meta-Analysis Results

Exhibit A7 provides full meta-analytic results for six of nine interventions. We could not conduct meta-
analyses for attendance campaigns, attendance plans, and multi-tiered system of supports (MTSS) topics
because there was not enough rigorous research available.

The shaded column shows the first time the effect size (ES) is estimated for each outcome measured.
Since program effects are often measured only a few years after they end, we use available evidence from
studies to project how an outcome remains (persists) or decreases (decays) over time. For example, there
is research evidence that test scores decay over time. We call this the “second time ES is estimated,” and
this estimate determines how the program effects are projected to continue.

Exhibit A7
Meta-Analytic Results

First time effect size is Second time effect size is No. of
Treatment

|

Outcome estimated estimated P-value effect
ES SE Age 33 SE Age sizes

Early warning systems

Chronic absenteeism -0.2 0.12 14 N/A N/A N/A 0.09 2 21,490

Grade point average 0.03 0.08 14 N/A N/A N/A 0.71 1 15,253

School attendance 0.02 0.02 14 0.02 0.02 14 0.2 2 10,651

Suspensions/expulsions -0.06 0.18 14 N/A N/A N/A 0.75 1 17,557
Home visits

Chronic absenteeism -0.02 0.14 12 N/A N/A N/A 0.91 1 361

:;2‘;;"1'“”0“”6 -0.01 0.13 12 N/A N/A N/A 0.95 2 2,345

School attendance 0.1 0.01 12 0.1 0.01 12 0 2 34,628

Test scores-academic 0.03 0.06 12 0.02 0.07 17 0.62 2 1,024
Incentives

School attendance -0.03 0.02 14 -0.03 0.02 14 0.07 2 5,902
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Exhibit A7 (Continued)
Meta-Analytic Results

First time effect size is Second time effect size is
Outcome estimated estimated Treatment
ES SE Age ES SE Age N
School-based mentoring
Dropout 0.12 0.13 13 N/A N/A N/A 0.35 1 276
Grade point average -0.02 0.03 13 N/A N/A N/A 0.57 1 1,972
High school graduation -0.01 0.1 13 -0.01 0.1 18 0.93 1 276
?e?l‘r:fal‘i'sc'p“”e -1.04 0.38 13 N/A N/A N/A 0.01 1 16
School absences -0.05 0.04 13 -0.05 0.04 13 0.24 5 6,865
Test scores-academic -0.03 0.03 13 -0.02 0.03 17 0.23 2 3,135
Parent communication strategies
Chronic absenteeism -0.12 0.03 9 N/A N/A N/A 0 2 12,876
School attendance 0.05 0.01 9 0.05 0.01 9 0 6 32,378
Suspensions/expulsions -0.03 0.09 9 N/A N/A N/A 0.74 1 484
Test scores-academic -0.03 0.03 9 -0.02 0.03 17 0.28 1 2,407
School-wide Positive Behavioral Interventions and Supports (SWPBIS)
Chronic absenteeism -0.05 0.07 8 N/A N/A N/A 0.44 2 593
Suspensions/expulsions -0.12 0.07 8 N/A N/A N/A 0.08 2 593
Test scores-academic 0.14 0.07 8 0.08 0.08 17 0.05 1 576
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Additional Intervention Information

While they did not meet WSIPP’s standards for inclusion in a meta-analysis, we highlight noteworthy
studies below for several interventions for which we did not find rigorous research.

Attendance Campaigns

e A 2015 dissertation focused on the “Be There” campaign in Pittsburgh.34 The author reports that it was
too early in the program’s implementation to determine its impact but suggests that the coordination
of many organizations may be an effective way to influence chronic absenteeism. We did not include
this study in a meta-analysis because the author did not estimate the program’s impact on relevant
student outcomes.

e A 2018 study examined the impact of the New York City Inter-Agency Campaign, a city-wide effort to
reduce chronic absenteeism in schools.3* The authors report several different components of this
program, including an inter-agency task force, mentors in schools, and incentives, as well as a city-
wide ad campaign on buses and subways to educate the public about chronic absenteeism. The
authors report that the program improved student attendance rates and reduced chronic
absenteeism. They explain that this success may be attributed to the mentoring that students
received. We did not include this study in a meta-analysis because we could not isolate the specific
impact of the ad campaign from other components like mentoring and incentives.

Multi-Tiered System of Supports

o A 2024 paper reported interim results of MTSS's impact on student attendance and behavior in
elementary schools in Illinois.3® Authors report that students in schools that received MTSS coaching
from WestEd had fewer behavioral incidents and missed fewer days of school than students in
comparison schools. We did not include this study in a meta-analysis because it was unclear whether
comparison schools also used MTSS (just without coaching) or if they did not use MTSS at all.

e A 2025 rapid literature review summarized the research evidence on attendance interventions by
MTSS tiers.’

Monetizing School Absences and Attendance

WSIPP’s benefit-cost model uses changes in standardized test scores to estimate changes in students’
average future earnings. Prior to 2026, we did not estimate the long-term benefits of school attendance
or school absence outcomes.

In 2025, we conducted a meta-analysis to estimate the relationship between absences and test scores.
This allows us to estimate how a program that impacts absences or attendance may influence a student’s
future earnings.

34 Childs, J. (2015). Getting students to “be there" in school: The Be There campaign and a network approach to addressing chronic
absenteeism in Pittsburgh (Doctoral dissertation, University of Pittsburgh).

% Balfanz, R, & Byrnes, V. (2018). Using data and the human touch: Evaluating the NYC inter-agency campaign to reduce chronic
absenteeism. Journal of Education for Students Placed at Risk. (JESPAR), 23(1-2), 107-121.

% Gage, N., Salomonson, K., Ballew, T., Clavenna-Deane, B., & Grasley-Boy, N. (2024). The impact of Multi-Tiered Systems of Support
(MTSS) on student attendance and behavior. WestEd.

37 Melvin, G., McKay-Brown, L., & Heyne, D. (2025). Interventions to promote school attendance and address student absence.
Australian Education Research Organization.
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https://wayneresa-cdn.fxbrt.com/downloads/attendance-and-absenteeism/usingdatahumantouchreducechronicabsenteeism.pdf
https://wayneresa-cdn.fxbrt.com/downloads/attendance-and-absenteeism/usingdatahumantouchreducechronicabsenteeism.pdf
https://files.eric.ed.gov/fulltext/ED655758.pdf
https://files.eric.ed.gov/fulltext/ED655758.pdf
https://files.eric.ed.gov/fulltext/ED673994.pdf

We first conducted a systematic literature review to identify research that examines the effect of student
absences or attendance on standardized test scores. Next, we screened studies to identify research that
demonstrates a causal relationship between student absences or attendance and test scores. Finally, we
conducted a meta-analysis on these studies to estimate the average impact that student absences or
attendance have on a student’s test scores. Exhibit A8 depicts our meta-analytic results.

Exhibit A8
Meta-Analytic Results for Monetizing Absences
Effect Standard Pvalue Treatment N Average treatment
size error age
-0.045 0.002 0.000 594,107 10

Our meta-analysis included six studies with a total of 594,107 students. The result from this analysis
indicates that each additional absence a student experiences reduces their test scores by 0.045 standard
deviations, on average. Students in this sample were an average of 10 years old, with representation from
elementary, middle, and high school grades and from varying socio-economic backgrounds.

From the link between absences and test scores, we apply links between test scores and labor market
outcomes (as described in Section 4.8c of WSIPP’s Technical Document) to arrive at a linked relationship
between absences and labor market outcomes. This relationship is also applied in the positive direction
on attendance: each additional day of attendance increases test scores by 0.045 standard deviations on
average. Washington school children are absent 16.8 days on average.®

Based on this analysis, we estimate that missing an additional day of school results in the loss of $34 to
$41 in future lifetime earnings for a student (depending on the age of measurement). Conversely,
attending an additional day of school results in a student earning an additional $34 to $41, on average,
over their working lifetime (depending on the age of measurement).

Studies Included in Meta-Analysis

Ansari, A., & Gottfried, M.A. (2021). The grade-level and cumulative outcomes of absenteeism. Child
Development, 92(4).

Aucejo, E.M., & Romano, T.F. (2016). Assessing the effect of school days and absences on test score
performance. Economics of Education Review, 55, 70-87.

Goodman, J.S. (2014). Flaking out: Student absences and snow days as disruptions of instructional time.
Cambridge, MA: National Bureau of Economic Research.

Gottfried, M.A., & Kirksey, J.J. (2017). “When" students miss school: The role of timing of absenteeism on
students’ test performance. Educational Researcher, 46(3), 119-130.

Gottfried, M.A. (2011). The detrimental effects of missing school: Evidence from urban siblings. American
Journal of Education, 117(2), 147-182.

Swiderski, T., Fuller, S.C., & Bastian, K.C. (2024). The relationship between student attendance and
achievement, pre-and post-COVID. EdWorkingPaper No. 24-951. Annenberg Institute for School Reform at
Brown University.

38 Evan Picton, Senior Data Analyst, Program Support, Office of Superintendent of Public Instruction (personal communication,
January 22, 2026).
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Benefit-Cost Results

WSIPP's benefit-cost model has been developed over the last few decades to estimate the long-run return
on state investments in social programs or interventions. This economic model provides a standardized and
internally consistent method for applying monetary values to outcomes across policy areas. For each
attendance intervention with evidence about effectiveness, we use the meta-analysis results as inputs for the
benefit-cost model to estimate the monetary value of the program, per participant.

For each intervention, we calculate the benefits and costs. The difference between these shows the program’s
overall net benefit. Our model uses information about outcomes typically experienced by individuals in the
intervention to represent what would have happened to these individuals in the absence of the intervention.
We categorize benefits into four different perspectives based on who receives them:

1) The benefits that accrue to people who participate in the intervention;
2) Benefits received by federal, state, and local taxpayers;

3) The direct benefits received by other members of society; and

4) The indirect benefits received by society.

In our analysis, benefits to participants are in the form of increased earnings due to increased test scores
(either measured directly or indirectly through increased attendance or reduced absences). Negative impacts
on test scores are also modeled in the form of reduced earnings. Benefits for taxpayers include reductions in
government spending on income support. For this category, we separately examined benefits at the federal,
state, and local levels (Exhibit A10). Others may benefit from an intervention due to externalities of education
that benefit the public. Indirect benefits are driven by changes in deadweight costs of taxation.

See WSIPP's Technical Documentation for more details about the benefit-cost model and assumptions.3°

Exhibit A9 provides full benefit-cost results for six of nine interventions by each beneficiary perspective (i.e.,
students, taxpayers, others). We do not report results for attendance campaigns, attendance plans, and
multi-tiered system of supports (MTSS) because there was not enough rigorous research available to conduct
meta-analyses on these topics.

Benefits are based on expected additional labor market earnings over the lifetime of participants, compared
to non-participants. Costs represent the average annual cost to implement a program, per student. The
difference between the lifetime benefits and the costs is expressed in 2023 dollars (net present value) using a
3.5% discount rate. These are also known as “net benefits” of the program. A program with a positive return
on investment is greater than $0, while a negative net benefit means that the costs of the program outweigh
the benefits. Benefit-to-cost ratios show the expected benefit (in dollars) per dollar spent on a program. A
benefit-cost ratio over $1 indicates a positive return; a ratio less than $1 indicates a negative return.

The chance that program benefits will exceed costs is estimated using a sensitivity analysis called a Monte
Carlo analysis. This analysis accounts for the risk and uncertainty around the inputs in our meta-and benefit-
cost analyses. We estimate the benefit-cost results of a program 10,000 different times, each time varying the
inputs randomly within a range defined by uncertainty estimates. The chance that the program benefits will
exceed costs reflects the proportion of those 10,000 runs in which benefits minus costs are greater than zero.

39 WSIPP (2024).
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Exhibit A9
Benefit-Cost Results by Perspective

Early warning systems

Benefits to: Benefit-to-cost ratio $0
Taxpayers $32 .
Others $39
Indirect -$81
Total benefits $64
Net program cost $162
Net Present Value -$98
. Homewisitt, |
Benefits to: Benefit-to-cost ratio $74
Taxpayers $1,221 .
Others $1,517
Indirect -$38
Total benefits $5,577
Net program cost $76
Net Present Value $5,502
 ncentives |
Benefits to: Benefit-to-cost ratio n/a
Taxpayers -$50 Chance program will produce
Participants -$117 benefits greater than costs n/a
Others -$62
Indirect $0
Total benefits -$229
Net program cost $0
Net Present Value -$229
Benefits to: Benefit-to-cost ratio $0
Taxpayers $63 .
Others $78 9
Indirect -$866
Total benefits -$578
Net program cost $1,731
Net Present Value $2,309
Notes:

Total benefits include those to students, taxpayers, others, and indirect benefits.

Benefits to students are based on expected lifetime earnings resulting from improved attendance or reduced
absences, and the impact on test scores.

Taxpayer benefits include federal, state, and local benefits from increased earnings over time.
Other benefits reflect externalities of education-based labor market outcomes.
Indirect benefits are negative because they reflect the deadweight costs of taxation related to program costs.
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Exhibit A9 (Continued)
Benefit-Cost Results by Perspective

Parent communication strategies

Benefits to: Benefit-to-cost ratio $41
Taxpayers $68 .
Others $84
Indirect -$4
Total benefits $308
Net program cost $7
Net Present Value $301
School-wide Positive Behavioral Interventions and Supports (SWPBIS)
Benefits to: Benefit-to-cost ratio $118
Taxpayers $4,175

Chance program will produce

Participants $9,836 benefits greater than costs 86%
Others $5,184
Indirect -$81
Total benefits $19,114
Net program cost $162
Net Present Value $18,952
Exhibit A10

Benefit-Cost Results for Federal, State, and Local Taxpayers

Total
Intervention taxpayer Federal State
benefits

Early warning systems $30 $19 $6 $5
Home visits $1,221 $782 $256 $184
Incentives ($50) ($32) ($10) ($8)
Parent communication $68 $43 $14 $10
School-based mentoring $63 $40 $13 $9

School-wide Positive Behavioral Interventions

$3,680 $2,355 $770 $555
and Supports
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Program Cost Information

Early warning systems (EWS)

We estimate that EWS costs $162 per participant, per school year implemented. This is based on reported
expenditures by OSPI for the Ninth-Grade Success Pilot, an early warning intervention similar to the EWS
programs in our meta-analysis.*° We divided the total expenditures for the program by the number of
students treated in our analysis to estimate a per-participant cost.

Home visits

We estimate that home visits cost $76 per participant. Included in this estimate is compensation provided
to teachers or school personnel who conduct the visits. We use estimates from one of the studies in the
meta-analysis, of $34 per teacher, and assume home visits are conducted in pairs.#’ We adjust costs to be
Washington-specific using teacher salary data from the National Education Association.

Incentives

Incentive costs can vary depending on the type of incentive offered. For our analysis, we estimate a
program cost of zero dollars because the incentives included in the studies we examined were free or had
negligible costs (e.g., extra recess time, paper certificates).

School-based mentoring

We estimate that school-based mentoring costs $1,731 per participant, per school year. To calculate this,
we take a weighted average of program costs across the studies in our meta-analysis. Four of the five
studies in our analysis include annual per-participant cost information. For the fifth study, we assume two
teachers serve as advisors to student mentors.*? The teachers participate in 80 hours of training. We apply
average Washington State compensation costs (including benefits) for a 9-12™-grade teacher as reported
by OSPI, divided by the total number of students treated in the studies. We assume an additional $30 per
student for materials, supplies, and operating costs.

Parent communication strategies

We estimate that parent communication strategies cost an average of $7 per participant. We used per-
student costs reported by five studies that evaluated parent communication interventions.** Three studies
evaluated text-based communication, and the costs consisted of a messaging platform and time spent
setting up the system. For the two studies evaluating mail-based communication, costs consisted of staff
time and mail production. Per-student costs were similar across the two intervention approaches ($6.30
and $6.14, respectively) and averaged for the overall estimate.

40 Office of Superintendent of Public Instruction (n.d.) Dropout Early Warning Intervention Ninth Grade Success Pilot. Retrieved March
26, 2026.

41 McKie, A, Terziev, J., & Gill, B. (2021). Impacts of home visits on students in District of Columbia public schools. REL 2022-128
(Regional Educational Laboratory Mid-Atlantic). (ED615918).

42 Lass, K, Walsh, S., Demby, H., Snider, R, Burgess, K., & Jenner, E. (2023). Evaluation of peer group connection-middle school: Final
impact evaluation report. The Policy & Research Group.

43 Bergman, P., & Chan, EW. (2021). Leveraging parents through low-cost technology: The impact of high-frequency information on
student achievement. Journal of Human Resources, 56(1), 125-158.; Heppen, J.B., Kurki, A., & Brown, S. (2020). Can texting parents
improve attendance in elementary school? A test of an adaptive messaging strategy. Evaluation report. NCEE 2020-00.; Robinson, C.D.,
Lee, M.G,, Dearing, E., & Rogers, T. (2018). Reducing student absenteeism in the early grades by targeting parental beliefs. American
Educational Research Journal, 55(6), 1163-1192,; Rogers, T., & Feller, A. (2018). Reducing student absences at scale by targeting
parents’ misbeliefs. Nature Human Behaviour, 2(5), 335-342.
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https://files.eric.ed.gov/fulltext/ED635860.pdf
https://files.eric.ed.gov/fulltext/ED635860.pdf
https://doi.org/10.3368/jhr.56.1.1118-9837R1
https://doi.org/10.3368/jhr.56.1.1118-9837R1
https://research.ebsco.com/linkprocessor/plink?id=9c532a50-b32b-3bce-86f8-841684330b03
https://research.ebsco.com/linkprocessor/plink?id=9c532a50-b32b-3bce-86f8-841684330b03
https://doi.org/10.3102/0002831218772274
https://doi.org/10.1038/s41562-018-0328-1
https://doi.org/10.1038/s41562-018-0328-1

School-wide Positive Behavioral Interventions and Supports (SWPBIS)

We estimate that SWPBIS models cost an average of $162 per participant, per school year. We base our
estimate on a mixed-methods analysis.** The authors estimate an average annual school-level cost to
implement SWPBIS, including costs associated with training school personnel, meeting costs, monitoring,
and ongoing professional development and coaching costs. We use the number of students in
Washington's prototypical elementary schools to calculate a per-student cost.

4 Bradshaw, C.P., Debnam, K.J., Player, D., Bowden, B. & Johnson, S.L. (2023). A mixed-methods approach for embedding cost
analysis within fidelity assessments in school-based programs. Behavioral Disorders, 48(3), 174-186.
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